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Abstract
environments. When the member classifiers are diverse or complementary, multiple classifier systems can usually obtain

The multiple classifier system is one of the effective means to resolve pattern recognition under complicated

higher classification accuracy compared with a single classifier. Thus, diversity measures are crucial to multiple classifier
systems design. Though the existing diversity measures can, to some degree, describe the difference among classifiers,
they may lead to problems like “diversity submergence” in some cases. In this paper, a novel multiple classifier diversity
measure based on geometric relationship and a multiple classifier system constructing method based on the new diversity
measure are proposed. It is experimentally shown that the proposed diversity measure can well describe the diversity

among classifiers and effectively suppress the problem of “diversity submergence”. It can also be effectively used in

designing multiple classifier systems.
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Fig.1 Procedure of multiple classifier systems
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Table 1  The joint outputs of two classifiers
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Fig. 12 Multiple classifier systems construction based on

classifier clustering
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Table 5  Classification accuracy of ensembles selected by

different diversity measures

sk S IE % Pk tEs hror s
(%) B (%)
HEFIUP (Q) 78.09 71.35
Q %t (Q) 74.16 72.47
FHRFRE (R) 76.40 72.47
AR (D) 70.79 70.22
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