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Handwritten Chinese Character

Recognition Based on Self-generation
Voting
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Abstract Voting strategy is very useful in pattern recognition
and it has been successfully applied in many applications like
face detection and recognition. However, these state-of-the-art
methods are infeasible or unsuitable for handwritten Chinese
character recognition (HCCR) because of the problem’s charac-
teristics. In this paper, a self-generation voting based method
is proposed for further improving the recognition rate in hand-
written Chinese character recognition. This method learns a set
of parameters first for generating a set of samples from the test
sample, and then classify these generated samples using a base-
line classifier. At last, it gives the recognition result by voting.
Experimental results on two databases show that the proposed
method is effective and useful in handwritten Chinese character
recognition systems.
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The multi-classifier voting strategy
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Fig.2 The self-generation voting strategy
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Fig.4 Some generated samples
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end
end
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Fig.5 Some samples in the two databases
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Table 1 The recognition rates of the base-line classifier

without using generated samples (%)

N, CASIA CASIA-HWDBL1.1
30 97.87 87.24
50 97.97 87.41
70 97.95 87.07
90 97.90 87.07

RIE, R IFEA TN A ROFEACSKR N 2R 2K 25, TPAY
FEMNRSE LGSR, 2 2 451 TANE N, SRR 45 2R, 24
Ny, ZERI, YU AR B, SX R T A4 (0 AU RE s A 2 %
I ZRREACAN AL (K i) 7.
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Table 2 The recognition rates of the base-line classifier using
generated samples for training (%)

CASIA-HWDBI1.1

N, CASIA
30 97.75 87.04
50 97.98 87.74
70 98.07 88.13
90 98.10 88.06

Je, VPN AT EAE P A S LR rERg. & 3 ik 4
S TANE T RN, XN RREIR, T = 0 EIRERA
ERAZH S WK 3 K 4 TLUE H, ATk R
ARIABEE R TT A, Ny B, PUN SR H N, X 5%
2 —5L

K 6 & Ny = 50 I, AR T PR PUIR, 42K CASIA
L g, A7 CASIA-HWDBL.1 L& 3L, n LA H,
T HONE 20 FeAvi, PRI o8, X B A
TERZ MREAUREA S S B, il m] LA BB 1 45 R

%3 AT CASIA LHZER (%)
Table 3 The recognition rates of the proposed method on
database CASIA (%)
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