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Identification of a Class of MIMO
Nonlinear Continuous-time Systems with
Observable States Using Driving Signal

SUN Xi-Ping! WANG Yong-Ji? QIAN Xin-En!

Abstract We propose an identification approach for a type of
MIMO nonlinear continuous-time systems with observable states
using driving signals. The driving signal is Gaussion white noise,
the state outputs are sampled evenly. The maximum likelihood
estimates of the model parameters are derived by using the Gir-
sanov theorem. The numerical simulations illustrate the effi-
ciency of the estimates and the NNR phenomenon of coupling
multi-variable appears in the numerical simulations. A step-type
identification algorithm is suggested at the end.
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