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Generalized Weighted Rules on Modified
Moller Algorithm
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Abstract A generalized weighted rule for weighted Moller al-
gorithm is introduced to explore the modified minor component
analysis by parallel extraction in theory and application. The
proposed rule helps to analyze the stability in the dynamic of
the algorithm in aspects of different properties, through altering
the generalized weighted parameter, which is the only alterable
parameter adopted in the weighted Moller algorithm. The sta-
bility analysis of the weighted Moller algorithm modified by the
proposed generalized weighted rule is evaluated based on ordi-
nary differential equation. And the analysis of the key functions
is given. Finally, the properties of the modified algorithms and
the ability of the proposed rule are verified by simulations in
MATLAB.
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