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Stippled Direct Part Mark Location Based on Self-adaptive

Super-pixels Segmentation

WANG Juan! WANG Ping* WANG Gang'

Abstract In order to solve the problem existing in segmentation and location of the stippled direct part mark (DPM)
code, this paper combines the advantages of super-pixels segmentation and spectral clustering algorithm to pre-segment
and precisely locate the DPM area. First, we propose an adaptive edge simple linear iterative clustering (AE-SLIC)
super-pixels segmentation algorithm to achieve accurate, fast and integral segmentation. The super-pixels are generated
by affinity propagation automatically and edges of super-pixels are adjusted by edge confidence in AE-SLIC, which has
improved the problems of unclear definition of edge and non-adaptive number of super-pixels in the simple linear iterative
clustering (SLIC) algorithm. Second, the super-pixels are treated as the vertexes of spectral clustering. Then the location
of stippled DPM code is completed by the clustered group of the super-pixels. The experimental results demonstrate the
superior performance of the AE-SLIC algorithm in terms of segmentation accuracy and computation efficiency. Through
comparison with the traditional location algorithm based on the operation of pixels, the proposed algorithm shows its

property of real-time, location accuracy and robustness to the noise disturbance.
Key words Super-pixels, adaptive edge simple linear iterative clustering (AE-SLIC) algorithm, spectral clustering,
accurate location
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Fig.5 Comparison of superpixel edge segmentation (over-segmentation in other algorithms)
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Fig.6 Comparison of superpixel edge segmentation (under-segmentation in other algorithms)
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