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Abstract
scattering model and dark channel prior principle. Firstly, a dark region is defined to describe the low intensity pixel of

A dehazing method based on double-regional filter and image fusion is proposed based on the atmospheric

the image’s edge area when the median filter is adopted to calculate the dark channel transmission. The minimum value
of the color (RGB) channels are assigned to the dark channel in dark region pixels instead of its median. This method
not only removes the halo effect but also avoids black spot. On the other hand, a pseudo-dehazed image based on the
atmospheric scattering model is proposed to solve the over-defogging problem. The defect of over-defogging can be cut
down by the pixels fusion between the original dehazed image and the pseudo-dehazed image. Experiments show that
the dehazing images with the proposed method in this paper have better sharpness, color restore degrees and robustness,

even on the dense fog and color distortion.
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Fig.1 Recovered images using dark channel
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Fig.2 The first comparative results of improved algorithm and unimproved median filters
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