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Abstract In this paper, the issue of annotating cardiovascular
diseases (CVDs) risk factors and the related information from
Chinese electronic medical records (CEMRs) is discussed and
an annotation scheme of CVDs risk factors appropriate to the
content characteristics of CEMRs is put forward. Furthermore,
the first annotated corpus of CVDs risk factors in the field of
Chinese health information processing is constructed.
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Fig.1 The thumbnail of risk factor annotation scheme
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Table 1 Annotation guidelines for CVDs risk factors in
CEMR
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Fig.2 Annotation flow chart of risk factor corpus
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Table 3 The statistics of risk factor annotated corpus
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