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Abstract
feedback switched nonlinear systems with input asymmetric saturation actuator, unknown external disturbance and ar-

This paper deals with tracking control for a class of single input and single output (SISO) uncertain strict-

bitrary switchings. Firstly, Gaussian error function is employed to represent a novel continuous differentiable asymmetric
saturation model. Secondly, by employing radial basis function neural network (RBF NN), unknown functions are approx-
imated. At last, a state-feedback controller is constructed by using common Lyapunov function method. The designed
controller decreases the number of learning parameters, thus reduces the computational burden. The designed state-
feedback controller is shown to be able to guarantee that all the signals in the closed-loop system are semi-globally
uniformly ultimately bounded (SGUUB) and the tracking error converges to a small neighborhood of the origin. Two

simulation examples are presented to show the effectiveness of the proposed approach.
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