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Improved Mispronunciation Detection Based on JSM and MLP

YUAN Hua'! SHI Yong-Zhe' ZHAO Jun-Hong? 3 LIU Jia'!

Abstract In this paper, we propose a method of dictionary generation based on joint-sequence multi-gram model (JSM)
and multi-layer perception (MLP) for mispronunciation detection. The JSM model is firstly used to model the mispro-
nunciation. The canonical pronunciation and mispronunciation are combined into pronunciation pairs for representation
of their corresponding relationship; then the N-gram is used to count the relationship between pronunciation pairs to
describe the dependence of mispronunciations on the context. Lastly, the MLP is used to model the relationship of pro-
nunciation pairs again, in order to capture the similar mispronunciations occurred in similar contexts. Experiments show
that rescoring the probability of high-order model by MLP can effectively smooth the probability, resulting in improved
mispronunciation detection.

Key words Mispronunciation detection, joint-sequence multi-gram model (JSM), multi-layer perception (MLP),
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Fig.1 The system flow of automatic mispronunciation detection
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Fig.5 The FAR and MR versus N curves
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Fig.6 The FAR and MR curves on testing set for
pronunciation dictionary of different sizes
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