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Automatic Text Corpus Generation Algorithm towards Oral

Statistical Language Modeling
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Abstract Data sparseness is a serious issue for language model (LM) in automatic speech recognition (ASR) towards

resource-lack domains, e.g. the telephone conversation speech recognition task. In this paper, an event of equal probability

based text corpus generation algorithm is proposed in order to alleviate the sparseness of language model. Experimental

results show that 7.5 % relative reduction in perplexity and a 0.2 % absolute reduction in character error rate (CER) can

be obtained on the develop set. And, a 6 % relative reduction in perplexity and a 0.4 % absolute reduction in CER can

be obtained on the test set.
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Fig.1 The framework of RNNLM
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Fig.4 Sampling text generation algorithm based on multiple language model combination
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Table 1  The performance of sampling language model on the development set in term of perplexity
et R FURE (] S 550 B R S AL LE9) S
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RNNLM.h400. FFEiEFR 78152499 33965 205 218.23
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Table 2 The performance of sampling corpus in terms of hit-rate (%)
iy TR RS
1-gram 2-gram 3-gram 1-gram 2-gram 3-gram
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+ MBS R 0.7 34.7 64.6 0.5 31.2 68.2
+ HBN R R F R 0.4 27 72.6 0.3 25.4 74.3
#3 OB EEAN R R R4 FHIDORRI
Table 3 The performance of sampling model in terms of Table 4 The performance of sampling model in terms of
perplexity character error rate
A FR%E AR TR e
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b T A ek 24 18.6
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