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Identifying Online Communities by Calibrating Structure Stability

YANG Hai-Lu! ZHANG Jian-Pei' YANG Jing'

Abstract
the effect of evolution behavior of network on the community structure. In the work, the notion of community stability

This paper investigates into the problem of identifying communities in online social networks. It focuses on

and a high-speed algorithm for mining stable community are first proposed according to the tendency between nodes and
its neighborhood. Then a community stability calibrating method is designed, which takes advantage of the evolution
event of network to recognize the new snapshot communities. Thanks to the local search strategy of the algorithm, the
new method does not require to execute repeatedly in new snapshot and is able to recognize community structures with
arbitrary shapes under the condition of no input parameters. Finally, competitive experiments on both synthesized and

real-world social networks demonstrate the effectiveness and efficiency of the proposed algorithm.
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Fig.1 Framework of evolutionary community detection
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