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Abstract
how to represent the story utilizing a proper model. In the previous works, the hierarchical relationship between seed

Topic link detection aims to detect whether two given stories talk about the same topic, whose key task is

events and its directly related events is ignored. Thus, this paper analyzes the regular pattern of semantic distribution and
the structure of a story, and proposes a method to divide a story into several sections of sub-topic features based on the
regular pattern of semantic distribution and improved information bottleneck (IB) theory. Then, the story represented
by the attributes is utilized to do topic link detection. Experimental result shows that this method has a fast convergent
rate, and can improve the performance of the system.
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Table 1 ~ Comparison of LDT results
System A News subjects Features Min norm (Cost)
System-1 - 55 0.58021
System-2 - 68 0.5983
System-3 0.38 - 63 0.2354
System-4 0.07 11 48 0.18406
2 FBALDT VHURS L
Table 2 Comparison of LDT results of different models
System A News subjects Features Min norm (Cost)
SDLM 0.09 35 0.18453
TTSM - 0.2033
EMW - 0.2554
System-4 0.07 11 48 0.18406
&3 AIFRER A LDT PP R
Table 3 ~ Comparison of LDT results of different cohesion strategies
Clusting A News subjects Features Min norm (Cost)
COS 0.37 9 41 0.2301
EUC 0.45 11 51 0.5109
KL 0.09 49 0.2487
JS 0.07 55 0.2108
LDA - 45 0.1857
1IB 0.07 11 48 0.18406
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