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Abstract
for attribute reduction based on labeled discernibility matrix is proposed. The label function is first defined to classify the

In order to improve the inheritance rate of reducts and obtain the complete reducts, an incremental algorithm

discernibility relationships of all object pairs. The labeled discernibility matrix is then proposed to find out the changed
elements and compute a supper set of reducts quickly when a new object is added. At the same time, a necessary matrix
corresponding to the labeled discernibility matrix is presented. It is used to delete the redundant attributes for a complete
reduct. Theoretical analysis and experimental results show that the reducts calculated by the proposed algorithm are
complete and have the characteristic of high inheritance rate.
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Table 3 Experiment results of the proposed algorithm

Data set |C| num IRA TRk t (s)
Wdbc 30 529 99.65 6 0.198
Wpbc 33 158 99.28 3 0.0409
Glass 9 174 99.83 2 0.0021
Tono 34 311 99.67 3 0.102
Wine 13 138 99.64 2 0.0174

4 ORHSENASE R

Table 4 Experiment results of two refreece algorithms

H:B ik C
Dataset |C| num IRA t (s) IRA t (s)

Wdbc 30 529 99.29 1.092 99.38 0.384
Wpbc 33 158 98.85 0.105 97.28  0.0968
Glass 9 174 99.42 0.009 99.42 0.005
Tono 34 311 99.49 0.31 97.88 0.197
Wine 13 138 95.69 0.0725 96.61 0.043
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