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Foreground Extraction from Low Depth-of-field Images

Based on Colour-texture and HOS Features

DENG Xiao-Ling!

Abstract
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This paper presents a new algorithm for extracting foreground objects from low depth-of-field (DOF) images

using texture, color and high-order statistics (HOS) features. Firstly, an algorithm with automatic weight optimization is

designed to segment DOF images according to the principle of maximum similarity. The foreground of DOF images is then

extracted based on the weighted HOS and a strategy for foreground region classification. Simulation results demonstrate

that the proposed algorithm achieves satisfactory result both subjectively and objectively.
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Fig.1 Source image and its HOS maps of color channels
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